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Knowledge for Interpretable Models in Biomedical Data Analysis (Dagstuhl
Seminar 16261), volume 6, Dagstuhl, Germany, 2016. Schloss Dagstuhl–
Leibniz-Zentrum fuer Informatik.

[243] M. Biehl, A. Ghio, and F.-M. Schleif. Editorial: Developments in compu-
tational intelligence and machine learning. Neurocomputing, 169:185–186,
2015.
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